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Introduction: Agriculture is the primary source of livelihood for people throughout the world. The
agricultural sector plays an important role in national development and cannot be separated from various
problems. Agribusiness is an approach that can be used in agricultural development activities. Efforts to
increase young farmers' interest in the agricultural sector by exploring the factors that encourage interest
in farming. The aim of this research is to determine the factors that influence young farmers' interest, and
the factors that most dominantly influence young farmers' interest in entrepreneurship in the agribusiness
sector. Methods: This research was conducted in Batu City, from October-November 2023. This research
used primary and secondary data. The sample taken was 97 respondents. The sampling technique used in
this research was the accidental sampling method. Data were analyzed using Structural Equation
Modeling (SEM). Results: The research results show that factors that influence the interest of young
farmers are; individual character, family environment, non-family environment, land area, economy, and
motivation. The factors studied have a significant influence both directly and indirectly through motivation
on young farmers' interest in entrepreneurship in the agribusiness sector. Among them, the land area
factor which has the most dominant influence contributes equally to the interest of young farmers in
entrepreneurship in the agribusiness sector in Batu City. Conclusion: This research concludes that all the
factors studied have a significant influence both directly and indirectly through motivation on young
farmers' interest in entrepreneurship in the agribusiness sector. Among them, the land area factor which
has the most dominant influence contributes equally to the interest of young farmers in entrepreneurship in
the agribusiness sector in Batu City.

Cite this article:
Costa, F. D., Arvianti, E. Y., & Santosa, B. (2025). Analysis of factors that influence young farmers’ interest in entrepreneurship in the agribusiness
sector in Batu City, East Java, Indonesia. AGROMIX, 16(1), 13–24. https://doi.org/10.35891/agx.v16i1.4770

INTRODUCTION

Agriculture is the main source of livelihood for 2.5 billion rural people worldwide in developing countries (D’Amour
et al., 2021; Joshi et al., 2021). In most developing countries, agriculture is the backbone of the economy and makes a
large contribution to their annual GDP. The agricultural sector is an important sector in the formation of Indonesia's
Gross Domestic Product (GDP) every year. The agricultural sector has a large contribution to the development of the
Indonesian economy, more than 50% of national income is generated from the agricultural sector. Indonesia as an
agricultural country shows that the agricultural sector has an important role in supporting the national economy,
especially as a source of food for the Indonesian population, a contributor to the country's foreign exchange in the
non-oil and gas sector, and a source of livelihood for the majority of the Indonesian population (Pandey & Kumari,
2021).

Based on data released by the Central Statistics Agency (BPS), shows that the percentage of informal workers in
the agricultural sector in Indonesia in 2018-2022 is increasing. However, the absorption of agricultural labor is still
experiencing problems, including changes in the demographic structure that are less favorable for the agricultural
sector. The number of farmers aged 54 years and over is increasing, but on the contrary the number of young farmers
aged 35 years and under is actually decreasing (Arvianti et al., 2022). The age group of young farmers (less than 35
years) is only 12.87%, much lower than the middle age group (35-54 years) at 54.37% and elderly farmers (over 54
years) at 32.76%. Compared with the age group over 54 years who will soon enter a period of rest or retirement, it
turns out that the portion of the age group less than 35 years cannot be replaced (32.76% compared to 12.87%). This
condition raises concerns that the number of people working in the agricultural sector is decreasing due to the slow
regeneration of farmers (Anwarudin et al., 2020).

https://jurnal.yudharta.ac.id/v2/index.php/agromix
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Batu City is the main city in tourism development in East Java. The arrangement, management, agriculture, and
development of tourism-oriented urban areas in Batu City could be an example for other cities (Hardianto et al., 2019;
Zaki et al., 2020). Batu City, which is known as an agrotourism city, is trying to develop its tourism so that it is known
to the wider community. This city with an agricultural background is able to attract the attention of tourists to visit.
Batu City, which is located 800 meters above sea level, is blessed with increasing natural beauty (Masyithoh et al.,
2021). This potential is reflected in the richness of agricultural production, fruit and vegetables as well as panoramic
views of mountains and hills. The Batu City area can provide good opportunities for the future of agriculture in the
area. The majority of young farmers in the Batu City area are aged 30-35 years (Arvianti et al., 2022). However, the
conversion of agricultural land in Batu City to the construction of villas, recreation areas, housing and so on makes
agricultural conditions less attractive for the native residents of Batu City. Regarding this, it is feared that there will be
no more farmers working in the rice fields because they are more interested in developing the tourist city of Batu.

The condition of human resources in the agricultural sector is mostly old, showing the number of farmers as many
as 4,846 of the total farmers in Batu City are over 45 years old. One of the consequences that can arise is that the
survival and competitiveness of the agricultural sector (agribusiness) are increasingly threatened by the aging process
of farmers due to the decreasing participation of the younger generation (Arvianti et al., 2015; Frolova et al., 2021).
The agricultural sector which is considered to be still low causes the interest and desire of the younger generation to
participate in the agricultural sector, especially in the food crop farming sector. This sector is a sector that has the
potential to be developed but is not yet supported by adequate human resources and even tends to decline (Zaki et
al., 2020).

Efforts to increase young farmers' interest in the agricultural sector are carried out by developing young farmers'
interest in the agricultural sector by exploring the factors that encourage interest in farming. According to Saleh et al.,
(2020) interest is a driving force that causes someone to pay attention to certain people, objects, and activities.
Personal interests are closely related to a person's motivation, something that is learned, and can change depending
on needs, experiences, and fashion trends, factors that influence the emergence of a person's interests depend on
physical, social, emotional, and experiential needs. According to Dayat et al. (2020) factors that influence interest are
internal factors, social motivation factors, emotional factors, economic status, education, and situational and
psychological conditions.

These problems are formulated in this research, namely; What factors influence young farmers' interest in
entrepreneurship in the agribusiness sector in Batu City, East Java, Indonesia, and which factors have the most
dominant influence in contributing to young farmers' interest in entrepreneurship in the agribusiness sector in Batu
City, East Java, Indonesia. This research aims to find out what factors influence young farmers' interest in
entrepreneurship in the agribusiness sector in Batu City, East Java, Indonesia, and to find out which factors have the
most dominant influence in contributing to young farmers' interest in entrepreneurship in the agribusiness sector in
Batu City, East Java, Indonesia.

METHODS

Data types and sources

The types of data used in this research are primary and secondary data. Primary data is data in the form of verbal
or spoken words, movements, or behavior carried out by objects obtained through questionnaires distributed to
young farmers in Batu City. Meanwhile, secondary data is data obtained from graphic documents such as tables, notes,
photographs, and others that can enrich primary data.

Place and time of implementation

This research was carried out in Batu City, East Java, Indonesia starting from October-November 2023.
Determining the location in Batu City, East Java, Indonesia was carried out deliberately based on the following
considerations:

1. Batu City is one of the Agrotourism Cities that is active in the agricultural sector in East Java, Indonesia.
2. There are still many people in Batu City who work as agricultural laborers to increase their income for household

needs.
3. The concept of entrepreneurship in the agribusiness sector is different between young farmers and older farmers.

Young farmers use modern concepts, while older farmers use conventional concepts.

Population and sample

The population in this study was the entire community in Batu City, totaling 36,692 people, and used the Slowin
formula to determine the sample size in this study with a precision of 10% (Borsányi et al. 2022). The sample taken
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was 97 respondents consisting of men and women. The sampling technique in this research used the Accidental
Sampling method. The respondents of this research were young farmers aged 20-35 years.

Data collection technique

The data collection technique used is primary data analysis, processed using three stages of analytical methods
and carried out simultaneously, namely: reduction of data presentation and drawing conclusions (Herman et al. 2022),
based on the description and relationship between variables in the field, carried out as follows: 1. Analysis of
individual character factors, 2. Analysis of family environmental factors, 3. Analysis of non-family environments faktors,
4. Analysis of land area factors, 5. Analysis of economic factors, and 6. Analysis of motivation factors.

Data collection was carried out by means of literature studies and interviews as well as collecting statistical data
which helped in the research. Primary data collection was carried out by conducting in-depth interviews with young
farming communities who were interested in the agribusiness sector. The questionnaire contains a number of
statements related to the factors that influence young farmers' interest in the agribusiness sector and then distributed
to the farming community.

Data analysis

Data were analyzed using Structural Equation Modeling (SEM) using the WarpPLS program. Structural Equation
Modeling (SEM) is a set of statistical techniques that allow testing a relatively complex series of relationships that
cannot be resolved by linear regression equations. SEM can also be considered as a combination of regression analysis
and factor analysis. In SEM there are 3 (three) activities simultaneously, namely checking the validity and reliability of
the instrument (confirmatory factor analysis), testing the relationship model between variables (path analysis), and
obtaining a suitable model for prediction (structural model and regression analysis), (Hair et al. 2020). SEM analysis
with SmartPls produces several outputs including latent variables (endogenous and exogenous), indicators, path
coefficient values, determination coefficient values, correlation coefficient values, and the nature of the influence
between variables (direct influence or direct effect, and indirect effect).

RESULTS AND DISCUSSION

Research analysis results

The results of research analysis on factors influencing young farmers' interest in agribusiness entrepreneurship in
Batu City, East Java, Indonesia in 2023 using SEM-WarpPLS 7.0 analysis can be seen in Figure 1. Results of SEM-
WarpPLS 7.0 model analysis.

Figure 1. Results of the SEM-WarpPLS 0.7 analysis model
Source: Primary data analysis (2023)

SEM (Structural Equation Modeling) is a statistical technique used to analyze the relationship between latent
variables (concepts that cannot be measured directly) and manifest variables (indicators that can be measured). SEM
combines factor analysis and regression analysis to understand and test theoretical models. WarpPLS is a software
used to carry out SEM analysis based on Partial Least Squares (PLS). WarpPLS allows to analysis of complex models
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with many variables and non-linear relationships. Figure 1. Shows the SEM model with latent variables represented by
circles, and manifest or indicator variables represented by boxes. Here, the latent variables are labeled X1 to X6, and Y.
X1 to X5 are the independent variables that influence X6, which then influences the dependent variable Y.

The path coefficient (β) shows the strength and direction of the relationship between latent variables, namely; The
relationship between X1 and X6 has a path coefficient of 0.04 and a P value = 0.35, indicating that the influence of X1
on the relationship between X3 and X6 has a path coefficient of 0.24 and a P value <0.01, indicating that the influence
of X3 on X6 is significant. The direct effect of X6 on Y is 0.03 with a P value = 0.39, which indicates that this effect is not
significant.

The R² value in X6 is 0.07, which indicates that 7% of the variability in X6 can be explained by X1 to X5. The R² value
of Y is 0.82, which indicates that 82% of the variability in Y can be explained by X1 to X6. This is a high R² value, which
indicates this model has good predictive ability for variable Y. The P value indicates the statistical significance of each
path. Typically, a P value < 0.05 is considered significant. For example, the effect of X3 on X6 and the effect of X4 on X6
are both significant (P < 0.01). Several other paths, such as the influence of X1 on X6 and X6 on Y, are not significant
because the P value is > 0.05.

Model fit and quality indices.

For model suitability, the fit model and Quality Indices were used which the researchers obtained using the
WarpPLS 7.0 application as a statistical analysis tool based on Structural Equation Modeling (SEM) as in Table 1.
Presenting several indices used to measure model suitability. However, the interpretation of the model fit index
depends on the purpose of the SEM analysis, so if the goal is to test a hypothesis, the model fit index is useful for
establishing measures related to model quality (Hair et al., 2020). Based on the analysis results, all quantities are in
condition. Suitable (good). This shows that the model used in this research is very good, and can be interpreted for
further hypothesis testing.

Table 1. Model fit and quality indices
No. Model fit and quality indices. Fit criteria Analysis Results Information
1. Average path coefficient (APC) p-value<0,05 (APC)=0.206,

P<0.001
Good

2. Average R-squared (ARS) p-value<0,05 (ARS)=0.444,
P<0.001

Good

3. Average adjusted R-squared (AARS) p-value<0,05 (AARS)=0.412,
P<0.001

Good

4. Average block VIF (AVIF) Acceptable if ≤ 5, ideally ≤3,3 (AVIF)=1.779 Ideal
5. Average full collinearity VIF (AFVIF) Acceptable if ≤ 5, ideally ≤3,3 (AFVIF)=2.260 Ideal
6. Tenenhaus GoF (GoF) Small ≥0,1; medium ≥0,25;

large ≥0,36.
(GoF)=0.510 Large

7. Sympson's paradox ratio (SPR) Acceptable if ≥0,7, ideally = 1 (SPR)=1.000 Accepted
8. R-squared contribution ratio (RSCR) Acceptable if ≥0,9, ideally = 1 (RSCR)=1.000 Accepted
9. Statistical suppression ratio (SSR) Acceptable if ≥0,7 (SSR)=1.000 Accepted
10. Nonlinear bivariate causality direction

ratio (NLBCDR)
Acceptable if ≥0,7 (NLBCDR)=1.000 Accepted

Source: Primary data analysis (2023)

The following is a more detailed explanation of each model fit and quality index used in SEM analysis, as well as an
interpretation of the analysis results in Table 1. Model Fit and Quality Indices:

1. Average path coefficient (APC)

Average Path Coefficient (APC) is the average of all path coefficients in the SEM model. This gives a general idea of
how strong the relationships found in the model are. APC is important because it helps assess whether the
relationships between variables in a model are statistically significant. Fit Criteria: The p-value must be < 0.05 to
indicate statistical significance. Analysis Results: APC = 0.206, P < 0.001. This indicates that the average relationship in
the model is significant, indicating that the model has a statistically significant relationship.

2. Average R-squared (ARS)

Average R-squared (ARS) is the average of the R² values of the dependent variables in the model. It shows the
proportion of variability that can be explained by the model. ARS is important for assessing the predictive ability of the
model. The higher the ARS, the better the model explains the variability of the data. Fit Criteria: P-value must be <
0.05 to indicate significance. Analysis Results: ARS = 0.444, P < 0.001. This shows that the model explains 44.4% of the
variability of the dependent variable, which is a good result.
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3. Average adjusted R-squared (AARS)

Average Adjusted R-squared (AARS) is the average of adjusted R² values, which takes into account the number of
variables in the model. This provides a more conservative assessment of the model's predictive ability. AARS is
important because it corrects for bias that may arise due to too many independent variables. Fit Criteria: The p-value
must be < 0.05 to indicate significance. Analysis Results: AARS = 0.412, P < 0.001. This shows the model explains 41.2%
of the variability of the data after adjusting for the number of variables, and this is a good result.

4. Average block VIF (AVIF)

Average Block VIF (AVIF) measures multicollinearity between independent variables. A higher VIF (Variance
Inflation Factor) indicates higher multicollinearity. AVIF is important because high multicollinearity can make
regression results unstable and unreliable. Fit Criteria: AVIF value should be ≤ 5, and ideally ≤ 3.3. Analysis Results:
AVIF = 1.779. This indicates that there is no serious multicollinearity problem in the model, and the model is
considered ideal in this regard.

5. Average full collinearity VIF (AFVIF)

Average Full Collinearity VIF (AFVIF) is a more comprehensive measure of multicollinearity, taking into account all
variables in the model, both independent and dependent. AFTVIT It is important to assess multicollinearity at the
overall model level to help ensure that analysis results are not influenced by redundancy between variables. Fit
Criteria: AFVIF value should be ≤ 5, and ideally ≤ 3.3. Analysis Results: AFVIF = 2,260. It shows multicollinearity within
an acceptable level, indicating good model quality.

6. Tenenhaus GoF (GoF)

Tenenhaus GoF (GoF) is a measure used to assess the overall fit of a model to the data. This considers the fit in
both the outer model and the inner model. GoF is used to assess whether the model as a whole is good enough to
represent the data. Fit Criteria: GoF values ≥ 0.36 are considered large, indicating a good fit. Analysis Results: GoF =
0.510. This shows that the model has a very good fit to the data, indicating that the model is reliable.

7. Sympson's paradox ratio (SPR)

Sympson's Paradox Ratio (SPR) is to measure the consistency of the relationship between the variables
hypothesized in the model. A value of 1 indicates no Simpson's paradox, where the direction of the relationship can
change when considering different groups of data. SPR is important to ensure that the analysis results are not
influenced by Simpson's paradox. Fit Criteria: SPR value ≥ 0.7 is accepted, and the ideal value is 1. Analysis Results: SPR
= 1,000. This indicates the absence of Simpson's paradox, meaning the relationships found in the model are consistent
across the data.

8. R-squared contribution ratio (RSCR)

R-squared Contribution Ratio (RSCR) measures the contribution of each independent variable to the R² value of
the dependent variable. The ideal value is 1, indicating uniform contribution. RSCR is important to ensure that all
independent variables make a balanced contribution to the model. Fit Criteria: RSCR value ≥ 0.9 is accepted, and the
ideal value is 1. Analysis Results: RSCR = 1,000. This shows that the contribution of the independent variable to the R²
of the dependent variable is very balanced.

9. Statistical suppression ratio (SSR)

Statistical Suppression Ratio (SSR) is to measure whether there are variables that act as suppressors in the model,
which change the direction or strength of the relationship between other variables. SSR is important for identifying
and addressing suppressor variables that may affect the validity of results. Fit Criteria: SSR value ≥ 0.7 is accepted.
Analysis Results: SSR = 1,000. This indicates the absence of a significant suppressor effect, which means the model
results are reliable.

10. Nonlinear bivariate causality direction ratio (NLBCDR)

Nonlinear Bivariate Causality Direction Ratio (NLBCDR) is to measure the direction of causality between bivariate
variables in the model, especially in the case of non-linear relationships. NLBCDR is important to ensure that the
model captures the correct direction of relationships between variables. Fit Criteria: NLBCDR value ≥ 0.7 is accepted.
Analysis Results: NLBCDR = 1,000. This indicates that the direction of causality identified in the model is accurate.

Overall, the analysis results show that the model used in this study is very good, with almost all indices showing an
ideal or very good fit. Indices such as APC, ARS, and GoF show that the model is able to explain the variability of the
data very well and has a strong fit. This strengthens the validity of the model for use in further hypothesis testing (Hair
et al., 2020).
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Inner model analysis results show 7.0

Direct effect testing

Inner model testing essentially tests the hypothesis in the research. Hypothesis testing is carried out using the T-
test on each partial direct influence path. The p-value coefficient results from the complete analysis can be seen in
Table 2. Hypothesis testing results. Hypothesis testing in this research aims to evaluate the relationship between
exogenous variables (such as individual character, family environment, etc.) and endogenous variables (such as young
farmers' interest and motivation). Testing was carried out using path analysis in the SEM model with a T-test approach
for each direct influence path. The goal is to determine whether the hypothesized relationship between the variables
is significant or not (Hair et al., 2020).

Table 2. Hypothesis testing results in the inner model
No. Relationship between variables

Exogenon ==> Endogen
Path Coefficient p-value Information

1. Individual Character The Interest of Young Farmers 0.434 <0.001 Significant
2. Family Environment The Interest of Young Farmers 0.397 <0.001 Significant
3. Non-Family Environment The Interest of Young Farmers 0.369 0.034 Significant
4. Land area The Interest of Young Farmers 0.186 0.028 Significant
5. Economy The Interest of Young Farmers 0.121 0.010 Significant
6. Motivation The Interest of Young Farmers 0.379 0.031 Significant
7. Individual Character Motivation 0.039 0.003 Significant
8. Family Environment Motivation 0.285 0.002 Significant
9. Non-Family Environment Motivation 0.236 0.007 Significant
10. Land area Motivation 0.145 0.004 Significant
11. Economy Motivation 0.361 <0.001 Significant
Source: Primary data analysis (2023)

Table 2. Shows the results of the hypothesis in the inner model which can be interpreted further as follows: Path
Coefficient: Shows the strength and direction of the relationship between variables. A positive coefficient means there
is a positive relationship between exogenous and endogenous variables, where an increase in the exogenous variable
will increase the endogenous variable. P value: Indicates the statistical significance of the relationship. A relationship is
considered significant if the p-value is <0.05, which means the relationship does not occur by chance and can be
considered valid in the context of this research.

Interpretation of relationships between variables

1. Individual Character → Young Farmer Interest (0.434, p < 0.001): This relationship is significant, indicating that
strong individual character has a large positive influence on young farmer interest.

2. Family Environment → Interest of Young Farmers (0.397, p < 0.001): This significant relationship shows that
support from the family environment plays an important role in increasing the interest of young farmers.

3. Non-Family Environment → Interest of Young Farmers (0.369, p = 0.034): This is also a significant relationship,
although slightly weaker than the influence of the family environment.

4. Land Size → Interest of Young Farmers (0.186, p = 0.028): This significance shows that access to large areas of
land contributes positively to the interest of young farmers.

5. Economy → Interest of Young Farmers (0.121, p = 0.010): This relationship shows that economic conditions also
influence the interest of young farmers, although with a lower influence than other factors.

6. Motivation → Interest of Young Farmers (0.379, p = 0.031): Strong motivation significantly increases the interest
of young farmers.

7. Individual Character → Motivation (0.039, p = 0.003): Strong individual character also significantly influences
motivation, although with a lower coefficient.

8. Family Environment → Motivation (0.285, p = 0.002): Support from the family environment also increases
motivation significantly.

9. Non-Family Environment → Motivation (0.236, p = 0.007): The environment outside the family also has a
significant effect on motivation.

10. Land Area →Motivation (0.145, p = 0.004): Access to land influences motivation positively and significantly.
11. Economy → Motivation (0.361, p < 0.001): Economic conditions have a significant and quite large influence on

motivation.

These results indicate that variables such as individual character, family environment, and economic conditions
significantly influence the interest and motivation of young farmers. All relationships in this table are significant,
meaning that they are reliable for further hypothesis testing.
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Indirect effect testing

Apart from testing direct effects, indirect effects were also found in the SEM warpPLS 7.0 analysis, namely the
indirect effects of individual characteristics, family environment, non-family environment, land area, and economy on
young farmers' interest through motivation. More detailed testing of indirect effects can be seen in Table 3.

Table 3. Results of analysis of indirect influence variables

Exogen Variables Mediation
Variables Endogen Variables Coefficient p-

value
Path

Segment Information

Individual Character Motivation The Interest of Young Farmers 0.493 0.001 Segment 2 Significant
Family Environment Motivation The Interest of Young Farmers 0.451 0.009 Segment 2 Significant
Non-Family Environment Motivation The Interest of Young Farmers 0.459 0.007 Segment 2 Significant
Land area Motivation The Interest of Young Farmers 0.475 0.005 Segment 2 Significant
Economy Motivation The Interest of Young Farmers 0.438 0.011 Segment 2 Significant
Sumber: Analisis data primer (2023)

Table 4. Shows the results of the analysis of the indirect influence of exogenous variables on endogenous variables,
with motivation as a mediating variable. This table shows how the influence of individual character, family
environment, non-family environment, land area, and economy on young farmers' interest is mediated by motivation.

 Individual Character → Motivation → Interest of Young Farmers: The coefficient of 0.493 and the p-value of
0.001 indicate that the indirect influence of individual character through motivation on the interest of young
farmers is significant. This means that strong individual character, through increased motivation, significantly
increases the interest of young farmers.

 Family Environment → Motivation → Interest of Young Farmers: This relationship is also significant with a
coefficient of 0.451 and a p-value of 0.009. This suggests that a supportive family environment, through
motivation, positively influences young farmers' interests.

 Non-Family Environment → Motivation → Interest of Young Farmers: With a coefficient of 0.459 and a p-value of
0.007, this result shows that the environment outside the family, through motivation, also has a significant
influence on the interest of young farmers.

 Land Area →Motivation → Young Farmer Interest: The indirect effect of land area through motivation on young
farmer interest is significant with a coefficient of 0.475 and a p-value of 0.005. This suggests that larger land
areas, through increased motivation, significantly increase the interest of young farmers.

 Economy →Motivation → Interest of Young Farmers: These results show that economic conditions also have a
significant indirect effect on the interest of young farmers with a coefficient of 0.438 and a p-value of 0.011.

Overall, all exogenous variables in this table show a significant indirect influence on young farmers' interest
through motivation, which means that motivation plays an important role as a mediator in this relationship. This data
is taken from Primary Data Analysis (2023).

Variable analysis results in total influence.

The analysis of the total effect variable involves combining the direct effect coefficient with the indirect effect
obtained from Structural Equation Modeling (SEM). This total effect is then squared and multiplied by 100% to
determine the overall contribution percentage of exogenous variables to endogenous variables. In this study, the
detailed breakdown of these total effects is presented in Table 4. This analytical approach is crucial in identifying not
only the direct relationships between variables but also the mediating or intervening pathways through which these
influences occur. The purpose of evaluating the total effect is to provide a comprehensive understanding of how each
independent (exogenous) variable contributes to the variance of the dependent (endogenous) variable within the
structural model. By doing so, researchers are able to measure the strength, direction, and significance of these
relationships with greater precision. According to Hair et al. (2020), analyzing the contribution of exogenous variables
in SEM enables researchers to test theoretical assumptions and derive conclusions that are empirically grounded and
actionable. Ultimately, this kind of analysis enhances the explanatory power of the model and supports the
development of evidence-based interventions or recommendations.

Table 4. Results of analysis of the effect of the contribution of exogenous variables on endogenous variables
No. Exogen Variables Endogenous Variables Contribution Impact Value (%)
1. Individual Character (X1) Interest of Young Farmers (Y) 18.75
2. Family Environment (X2) Interest of Young Farmers (Y) 15.05
3. Non-Family Environment (X3) Interest of Young Farmers (Y) 11.63
4. Land area (X4) Interest of Young Farmers (Y) 28.84
5. Economy (X5) Interest of Young Farmers (Y) 13.78
6. Motivation (X6) Interest of Young Farmers (Y) 11.49

Source: Primary data analysis (2023)
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Discussion of hypothesis test results for research variables

Individual character variables (X1)

Based on the results of hypothesis testing, it proves that individual character variables have a direct influence on
the interest of young farmers, having a path coefficient value of 0.434 and a p-value <0.001. Because the p-value is
smaller than 0.001, it is said to be significant so that the hypothesis is accepted or has an effect. The path coefficient
value is positive (0.434), which indicates that the better the individual's character, the greater the interest of young
farmers. The path coefficient for the indirect influence of individual character on the interest of young farmers
through motivation is 0.493 with a p-value <0.001 which is said to be significant so that motivation is a mediating
variable between individual character and the interest of young farmers.

These results show that young farmers' interest in entrepreneurship in the agribusiness sector in Batu City is
influenced by their individual character, so that farmers' interest can develop along with individual character, for
example, age. Age causes the process of personality formation to occur, resulting in something that makes a person
mature. Age will cause a person to acquire new knowledge, attitudes, and skills according to their interests. Research
(Dayat et al., 2020). also shows that young farmers of productive age are optimal for entrepreneurship in the
agribusiness sector with existing physical abilities and knowledge that are adaptive to increasingly sophisticated
technological developments so that they can be applied to improve the agribusiness sector. Because of technological
knowledge, young farmers are more interested in modern agricultural technology, so they can take advantage of
business opportunities in the agribusiness sector (Young et al., 2021).

Research results Widiyanti et al. (2020) also state that age is a factor that has a positive influence on income.
Increasing age can affect the abilities of young farmers, but if increasing age is not accompanied by additional
experience, skills, and knowledge, productive age will not improve performance. Productive age ranges from 15-64
years, during productive age income can increase (Young et al. 2021). Young entrepreneurial farmers in the
agribusiness sector in Batu City range in age from 20-35 years. The age factor can also influence the character of
individual farmers in entrepreneurship in the agribusiness sector because in each life cycle a person can experience
physical, psychological, and social changes which can determine the attitudes and behavioral decisions of young
farmers in entrepreneurship in the agribusiness sector (Dayat et al., 2020).

Family environment variables (X2)

Based on the results of the hypothesis test, it proves that the family environment variable has a direct effect on
the interest of young farmers, having a path coefficient value of 0.397 and a p-value <0.001. Because the p-value is
smaller than 0.001, it is said to be significant, so the hypothesis is accepted or influential. The double line coefficient
value is positive (0.397), which indicates that the better the family environment, the greater the interest of the
younger generation of farmers. The path coefficient for the indirect influence of the family environment on the
interest of young farmers through motivation is 0.451 with a p-value <0.009 which is said to be significant so that
motivation is a mediating variable between the family environment and the interest of young farmers.

These results show that young farmers are interested in entrepreneurship in the agribusiness sector in Batu City
because they are influenced by family environmental factors which provide appreciation or support so that young
farmers continue their profession as farmers in the agribusiness sector. This is because the family has been successful
in entrepreneurship in the agribusiness sector so young farmers tend to be motivated and inspired to become
entrepreneurs in the agribusiness sector. Financial support from the family can also provide opportunities for young
farmers because young farmers who are entrepreneurs in the agribusiness sector certainly need financial capital (Fajri
et al., 2021).

The research results Arvianti et al., (2022) also show that family support in entrepreneurship in the agribusiness
sector is carried out on a daily basis and helps by looking at the income of young farmers towards the family support
they feel in carrying out entrepreneurship in the agribusiness sector from upstream to downstream. To influence the
entrepreneurial interest of young farmers in the field of agribusiness, it is important for families to provide the
necessary support, knowledge, and resources. In addition, government and educational policies that support
opportunities in the agribusiness sector provide important hope in motivating young farmers. Family support for
family members who work as farmers is generally good. Family support and family influence can also have a positive
influence in determining the development of agribusiness entrepreneurial opportunities in the future (Mu’adi et al.,
2020)

Non-family environmental variables (X3)

Based on the results of hypothesis testing, it proves that non-family environmental variables have a direct effect
on the interest of young farmers, having a path coefficient value of 0.369 and p-value <0.034. Because the p-value is
smaller than 0.034, it is said to be significant, so the hypothesis is accepted or influential. The double line coefficient
value is positive (0.369), which indicates that the better the non-family environment, the greater the interest of the
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younger generation of farmers. The path coefficient for the indirect influence of the non-family environment on
farmer interest through young motivation is 0.459 with a p-value <0.007 so it is said to be significant so that
motivation is a mediating variable between the non-family environment and young farmer interest.

These results show that young farmers are interested in entrepreneurship in the agribusiness sector in Batu City,
due to the influence of non-family environmental factors from fellow groups who provide mutual support and
motivation so that young farmers are inspired to be interested in entrepreneurship in the agribusiness sector. Apart
from support from family, young farmers can also interact with fellow groups. To create a farmer entrepreneurship
group, there is a management structure, namely chairman, secretary, treasurer, and group members. Support from
fellow groups also allows young entrepreneurial farmers to share experiences in finding solutions to problems faced in
the agribusiness sector (Fajri et al., 2021). Support from fellow groups also provides strong collaboration between
other entrepreneurs in the agricultural sector. So that young farmers can collaborate with each other in a mutually
beneficial exchange of information, resources, and business opportunities (Mujuru & Obi, 2020).

Research results Anwarudin et al. (2020) also state that in social organizations farmer groups are a learning and
teaching forum for each member to gain knowledge, skills, and attitudes as well as grow and develop independence in
farming. With the support of farmer entrepreneurial groups, it is hoped that productivity will increase, income will
increase and farmers' lives will become more prosperous. Farmer entrepreneur groups are also a forum for
collaboration between the younger generation of farmers to provide mutual support (Fajri et al., 2021). Through
cooperation or mutual cooperation, it is hoped that farming can make farming more efficient and effective in carrying
out entrepreneurship in the agribusiness sector (Afista et al., 2021).

Land area variable (X4)

Based on the results of the hypothesis test, it proves that the land area variable has an influence on the interest of
young farmers, having a path coefficient value of 0.186 and a p-value <0.028. Because the p-value is smaller than
0.028, it is said to be significant, so the hypothesis is accepted or influential. The double line coefficient value is
positive (0.186), which indicates that the better the land area, the greater the interest of the younger generation of
farmers. The path coefficient for the indirect influence of land area on the interest of young farmers through
motivation is 0.475 with a p-value <0.005 which is said to be significant so that motivation is a mediating variable
between land area and the interest of young farmers.

These results show that young farmers are interested in agribusiness in Batu City because the land area factor has
a positive effect on the interest of young farmers. Land area is considered the main capital in agribusiness
entrepreneurship. The larger the land area, the higher the level of interest of young farmers, and conversely, the
smaller the land area, the lower the level of interest of young farmers in entrepreneurship in the agribusiness sector.
Because land area also greatly determines the level of agricultural productivity. Batu City has limited agricultural land
because it has been converted into property buildings, which can influence the interest of the younger generation of
farmers in agribusiness entrepreneurship (Vanham et al., 2019). Especially if the available land is limited and
expensive. So that Young farmers are more interested in starting small or micro-scale agribusiness if their land area is
limited, this factor can be determined by capital requirements, management capabilities, and existing risks
(Anwarudin et al., 2020).

Research results Anwarudin et al. (2020) also show that many factors influence farming income, namely land
fertility, area of cultivated land, availability of labor, availability of farming capital, use of technological inputs, planting
patterns, plant location, land fragmentation, ownership status land, marketing methods. Output, efficiency of input
use, and level of knowledge and skills of farmers and workers. Meanwhile, external farming factors that influence
farming income are transportation facilities, trading systems, the discovery of new technology, irrigation facilities,
output and input price levels, availability of credit institutions, community customs, and government policies (Saleh et
al., 2020). The land area provides opportunities for the development of the large-scale agribusiness sector. This
includes agricultural products, agricultural product processing industries, and agrotourism, all of which can increase
added value and income for business actors in the agribusiness sector (Vanham et al., 2019).

Economic variables (X5)

Based on the results of hypothesis testing, it proves that economic variables influence the interest of young
farmers, having a path coefficient value of 0.121 and a p-value <0.010. Because the p-value is smaller than 0.010, it is
said to be significant so that the hypothesis is accepted or has an effect. A positive double-line coefficient value (0.121)
shows that the economy is getting better, and the interest of young farmers is increasing. The path coefficient for the
indirect influence of economics on young farmers' interest through motivation is 0.438 with a p-value <0.011 so it is
said to be significant so that motivation is a mediating variable between economic variables and young farmers'
interest variables.
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These results show that young farmers are interested in entrepreneurship in the agribusiness sector in Batu City
because there are influencing economic factors, so young farmers carry out entrepreneurship in the agribusiness
sector to meet daily living costs. This is because economic conditions, including economic growth and unemployment
rates, can also influence the interest of young farmers. Economic conditions and stable economic growth can create
investment opportunities and certainty in the agribusiness sector (Widiyanti et al., 2020).

Research results Arvianti et al. (2022), also state that there are many factors that influence the younger generation
to choose to work as farmers or choose non-agricultural work. These factors can be seen from an economic point of
view. Many farmers think that working as a farmer is less profitable and the income is lower than working in non-
agriculture. This is because jobs in the agricultural sector are less promising. The younger generation tends to be more
interested in entrepreneurship in the agribusiness sector if they see potential opportunities that are expected to
provide a high level of return on investment. Because it includes calculations of production costs, market prices of
agricultural products, and potential profits (Anugrainsa, 2022).

Motivation variable (X6)

Based on the results of hypothesis testing, it proves that the motivation variable has a direct effect on the interest
of young farmers, and has a path coefficient value of 0.379 and a p-value <0.031. Because the p-value is smaller than
0.031, it is said to be significant, so the hypothesis is accepted or influential. The positive multiple path coefficient
value (0.379) shows that the better the motivation, the greater the interest of young farmers. In this research,
motivation is a mediating variable between the variables that influence the entrepreneurial interest of young farmers
in the agribusiness sector in Batu City.

These results indicate that the motivation variable is an intervening variable among the factors that influence the
entrepreneurial interest of young farmers in the agribusiness sector in Batu City. Young farmers must have
responsibility for the work they do, like entrepreneurs in the agribusiness sector in making decisions to face all risks
(Widiyanti et al., 2020). Because young farmers dare to take responsibility as the next generation, especially in the
agribusiness sector. Young farmers are motivated because they have a big role in deciding to become entrepreneurs in
the agribusiness sector because they have a sense of responsibility and the opportunity to contribute to food security.
Young farmers can be motivated because they have the desire to overcome challenges and be innovative in
agribusiness.

Research results (Fajri et al., 2021), also state that motivation to develop skills and knowledge in the agribusiness
sector can encourage young farmers to try to improve their farming skills. Income has a real relationship with farmers'
motivation to farm in order to fulfill physiological needs and have a sense of security regarding food availability.
Farmer success motivation has a positive relationship with farmer productivity. Young farmers' interest in
implementing sustainable agriculture can be influenced by the motivation to contribute to environmental friendliness.
The younger generation also has an awareness of the environment so they are motivated to use agriculture as a
solution to participate in environmentally friendly desires (Khaerunnisa et al., 2022). The stronger the farmer's
motivation to succeed, the higher the farmer's productivity in working on agricultural land, and vice versa. Therefore,
farmers' motivation for success is an important variable to pay attention to in efforts to increase productivity
(Hardianto et al. 2019).

Results of the influence of the contribution of exogenous variables on endogenous variables

The results of the analysis regarding the influence of exogenous variables on the endogenous variable—namely,
the interest of young farmers—reveal several key findings. Each exogenous factor contributes to varying degrees, both
through direct and indirect pathways, indicating the multifaceted nature of influences that shape the interest of youth
in agricultural pursuits. First, individual character was found to contribute 18.75% to the interest of young farmers.
This suggests that personal attributes such as attitudes, aspirations, and self-confidence play a meaningful role in
shaping agricultural interest, either independently or mediated by other variables. Second, the family environment
demonstrated a 15.05% contribution. This finding emphasizes the importance of familial support, role models, and
agricultural background within the family as significant motivators or deterrents for young individuals considering
farming as a viable career. Third, the non-family environment, which may include peers, community norms, or
institutional influences such as schools and extension services, contributed 11.63%. Although lower than the family
environment, this still reflects a meaningful impact and highlights the role of broader social contexts in forming
agricultural interest. Fourth, land ownership or access to agricultural land emerged as the most dominant contributing
factor, with a total effect of 28.84%. This underscores the centrality of land as a critical enabling resource, without
which interest may not translate into actual engagement in agriculture. Fifth, economic factors such as income
potential, access to credit, and perceptions of financial viability contributed 13.78%. This illustrates that economic
considerations remain a core element in shaping career choices, especially in the agricultural sector which is often
perceived as financially uncertain. Finally, motivation, whether intrinsic (e.g., passion for farming) or extrinsic (e.g.,
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rewards, recognition), accounted for 11.49% of the total influence. Though it has the smallest contribution among the
six variables, motivation still plays a crucial psychological role in reinforcing or weakening the desire to pursue farming.

These findings collectively illustrate that the interest of young farmers is not determined by a single dominant
factor, but rather by an intricate interplay of personal, familial, environmental, and economic conditions. For a clearer
visualization of these relationships and their respective contributions, refer to Figure 2. This comprehensive
perspective can be valuable for stakeholders in designing targeted interventions aimed at increasing youth
engagement in agriculture.

Figure 2. Diagram of the results of the influence value of the contribution of exogen variables to endogen variables
Source: Primary data analysis (2023)

The results from Figure 2. Show that the influence of the contribution of exogenous variables on endogenous
variables with the highest value is the land area variable with an influence contribution of 28.84%. This is because
young farmers in entrepreneurship in the agribusiness sector in Batu City really need land area as the main capital, so
the contribution of the land area factor is greater than other factors. Adequate land area can increase farmers'
interest in using it as an agricultural business on a larger scale (Anwarudin et al., 2020). Young farmers who own large
areas of land can use modern technology to manage it efficiently and increase productivity and income. According to
Anwarudin et al. (2020) they also agree that land area is the entire area that is used for planting or carrying out the
planting process, and land area guarantees the amount or results that farmers will obtain. In an agricultural country.
Like Indonesia, land is a factor of production. This is the most important compared to other production factors
because the remuneration received by land is higher compared to other factors (Arvianti et al., 2022).

CONCLUSION

The results of this research concluded that the factors that have a significant direct influence on the interest of
young farmers are individual character, family environment, non-family environment, land area, economy, and
motivation. Factors that have a significant indirect influence through motivation on young farmers' interest are
individual character, family environment, non-family environment, land area, and economy. Motivation is a mediator
among factors that influence the interest of young farmers. Among them, the land area factor which has the most
dominant influence contributes equally to the interest of young farmers in entrepreneurship in the agribusiness sector
in Batu City.
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